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[155] István A Kovács, Katja Luck, Kerstin Spirohn, Yang Wang, Carl Pollis, Sadie

Schlabach, Wenting Bian, Dae-Kyum Kim, Nishka Kishore, Tong Hao, et al.

Network-based prediction of protein interactions. Nature communications,

10(1):1–8, 2019.

[156] F. Pedregosa, G. Varoquaux, A. Gramfort, V. Michel, B. Thirion, O. Grisel,

M. Blondel, P. Prettenhofer, R. Weiss, V. Dubourg, J. Vanderplas, A. Passos,

D. Cournapeau, M. Brucher, M. Perrot, and E. Duchesnay. Scikit-learn: Machine

learning in Python. Journal of Machine Learning Research, 12:2825–2830, 2011.

[157] Muhammad Aqib Javed, Muhammad Shahzad Younis, Siddique Latif, Junaid

Qadir, and Adeel Baig. Community detection in networks: A multidisciplinary

review. Journal of Network and Computer Applications, 108:87–111, 2018.

[158] M. E. J. Newman. Modularity and community structure in networks. Proceedings

of the National Academy of Sciences, 103(23):8577–8582, 2006.

[159] Linbin Yu and Chris Ding. Network community discovery: Solving modularity

clustering via normalized cut. In Proceedings of the Eighth Workshop on Mining

and Learning with Graphs, MLG 2010, pages 34–36, New York, NY, USA, 2010.

Association for Computing Machinery.

[160] Gaurav Agarwal and David Kempe. Modularity-maximizing graph communities

via mathematical programming. The European Physical Journal B, 66(3):409–418,

2008.



Bibliography 187

[161] Andrea Lancichinetti, Santo Fortunato, and János Kertész. Detecting the

overlapping and hierarchical community structure in complex networks. New

Journal of Physics, 11(3):033015, mar 2009.

[162] WANG Guan-yu. Algorithm for detecting community of complex network based

on clustering. Computer Engineering, 10:021, 2011.

[163] Hsun-Hui Huang and Horng-Chang Yang. Semantic clustering-based community

detection in an evolving social network. In 2012 Sixth International Conference on

Genetic and Evolutionary Computing, pages 91–94. IEEE, 2012.

[164] M.E. J. Newman. A measure of betweenness centrality based on random walks.

Social Networks, 27(1):39–54, 2005.

[165] Jierui Xie and Boleslaw K. Szymanski. Community detection using a

neighborhood strength driven label propagation algorithm. In Proceedings of the

2011 IEEE Network Science Workshop, NSW 2011, pages 188–195, USA, 2011.

IEEE Computer Society.

[166] Shao-Zhong Zhang, Zhao-Xi Fang, Jun-Gan Chen, and Jiong Shi. Community

clustering model for e-commerce trust based on social network. Journal of

ZheJiang University (Engineering Science), 47(4):656–661, 2013.

[167] Usha Nandini Raghavan, Réka Albert, and Soundar Kumara. Near linear time

algorithm to detect community structures in large-scale networks. Physical review.

E, Statistical, nonlinear, and soft matter physics, 76(3 Pt 2):036106, September

2007.

[168] Shihua Zhang, X-M Ning, and X-S Zhang. Graph kernels, hierarchical clustering,

and network community structure: experiments and comparative analysis. The

European Physical Journal B, 57(1):67–74, 2007.

[169] Guangxu Xun, Yujiu Yang, Liangwei Wang, and Wenhuang Liu. Latent community

discovery with network regularization for core actors clustering. In Proceedings of



Bibliography 188

COLING 2012: Posters, pages 1351–1360, Mumbai, India, 2012. The COLING

2012 Organizing Committee.

[170] Fang Wei, Weining Qian, Chen Wang, and Aoying Zhou. Detecting overlapping

community structures in networks. World Wide Web, 12(2):235–261, 2009.

[171] Mark Kozdoba and Shie Mannor. Community detection via measure space

embedding. In Proceedings of the 28th International Conference on Neural

Information Processing Systems - Volume 2, volume 28 of NIPS 2015, page

2890–2898, Cambridge, MA, USA, 2015. MIT Press.

[172] V. A. Traag, R. Aldecoa, and J.-C. Delvenne. Detecting communities using

asymptotical surprise. Phys. Rev. E, 92:022816, Aug 2015.

[173] Tiago P. Peixoto. Hierarchical block structures and high-resolution model selection

in large networks. Phys. Rev. X, 4:011047, Mar 2014.

[174] V. A. Traag, L. Waltman, and N. J. van Eck. From louvain to leiden: guaranteeing

well-connected communities. Scientific Reports, 9, March 2019.

[175] V. A. Traag, G. Krings, and P. Van Dooren. Significant scales in community

structure. Scientific Reports, 3, October 2013.

[176] V. A. Traag, P. Van Dooren, and Y. Nesterov. Narrow scope for resolution-limit-free

community detection. Phys. Rev. E, 84:016114, Jul 2011.

[177] M. E. J. Newman. Finding community structure in networks using the eigenvectors

of matrices. Phys. Rev. E, 74:036104, Sep 2006.

[178] Aaron Clauset, M. E. J. Newman, and Cristopher Moore. Finding community

structure in very large networks. Phys. Rev. E, 70:066111, Dec 2004.

[179] Mukesh Kumar, Shivansh Mishra, and Bhaskar Biswas. Pwaf : Path weight

aggregation feature for link prediction in dynamic networks. Computer

Communications, 191:438–458, 2022.



Bibliography 189

[180] Mukesh Kumar, Shivansh Mishra, Rahul Deo Pandey, and Bhaskar Biswas. Cflp:

A new cost based feature for link prediction in dynamic networks. Journal of

Computational Science, 62:101726, 2022.

[181] Mohammad Al Hasan and Mohammed J. Zaki. A Survey of Link Prediction in

Social Networks, pages 243–275. Springer US, Boston, MA, 2011.

[182] Hisashi Kashima and Naoki Abe. A parameterized probabilistic model of network

evolution for supervised link prediction. In Proceedings of the Sixth International

Conference on Data Mining, ICDM 2006, pages 340–349, Washington, DC, USA,

2006. IEEE Computer Society.

[183] Janardhan Rao Doppa, Jun Yu, Prasad Tadepalli, and Lise Getoor. Learning

algorithms for link prediction based on chance constraints. In Proceedings of the

2010 European Conference on Machine Learning and Knowledge Discovery in

Databases: Part I, ECML PKDD 2010, pages 344–360, Berlin, Heidelberg, 2010.

Springer-Verlag.

[184] Nicholas A. Christakis, James H. Fowler, and Susan K. Walker. Connected: The

surprising power of our social networks and how they shape our lives. Journal of

Family Theory & Review, 3(3):220–224, 2011.

[185] Nicholas A Christakis and James H Fowler. Social contagion theory:

examining dynamic social networks and human behavior. Statistics in medicine,

32(4):556–577, 2013.
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