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of protein interactions. bioRxiv, 2018.

[55] Leo Katz. A new status index derived from sociometric analysis. Psychometrika,

18(1):39–43, 1953.

[56] M. E. J. Newman. Clustering and preferential attachment in growing networks.

Phys. Rev. E, 64:025102, 2001.

[57] A.L. Barabasi, H. Jeong, Z. Neda, E. Ravasz, A. Schubert, and T. Vicsek. Evolution

of the social network of scientific collaborations. Physica A Statistical Mechanics

and its Applications, 311:590–614, 2002.

[58] Lada A. and Eytan Adar. Friends and neighbors on the web. Social Networks,

25:211–230, 2003.



Bibliography 145
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[81] Weiping Liu and Linyuan Lü. Link prediction based on local random walk. EPL

(Europhysics Letters), 89(5):58007, 2010.
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[118] Liming Pan, Tao Zhou, Linyuan Lü, and Chin-Kun Hu. Predicting missing

links and identifying spurious links via likelihood analysis. Scientific Reports,

6(1):22955, 2016. Exported from https://app.dimensions.ai on 2019/02/14.

[119] A Pecli, B Giovanini, Carla Pacheco, C Moreira, F Ferreira, F Tosta, Julio Tesolin,

M.V. Dias, S Filho, M. C. Cavalcanti, and Ronaldo Goldschmidt. Dimensionality

reduction for supervised learning in link prediction problems. ICEIS 2015 -

17th International Conference on Enterprise Information Systems, Proceedings,

1:295–302, 01 2015.

[120] Kenji Fukumizu, Francis R. Bach, and Michael I. Jordan. Dimensionality reduction

for supervised learning with reproducing kernel hilbert spaces. J. Mach. Learn.

Res., 5:73–99, December 2004.



Bibliography 152

[121] Amr Ahmed, Nino Shervashidze, Shravan Narayanamurthy, Vanja Josifovski,

and Alexander J. Smola. Distributed large-scale natural graph factorization. In

Proceedings of the 22Nd International Conference on World Wide Web, WWW

’13, pages 37–48, New York, NY, USA, 2013. ACM.

[122] Shaosheng Cao, Wei Lu, and Qiongkai Xu. Grarep: Learning graph representations

with global structural information. In Proceedings of the 24th ACM International

on Conference on Information and Knowledge Management, CIKM ’15, pages

891–900, New York, NY, USA, 2015. ACM.

[123] Mingdong Ou, Peng Cui, Jian Pei, Ziwei Zhang, and Wenwu Zhu. Asymmetric

transitivity preserving graph embedding. In Proceedings of the 22Nd ACM

SIGKDD International Conference on Knowledge Discovery and Data Mining,

KDD ’16, pages 1105–1114, New York, NY, USA, 2016. ACM.

[124] Mikhail Belkin and Partha Niyogi. Laplacian eigenmaps and spectral techniques

for embedding and clustering. In Proceedings of the 14th International Conference

on Neural Information Processing Systems: Natural and Synthetic, NIPS’01, pages

585–591, Cambridge, MA, USA, 2001. MIT Press.

[125] Aditya Grover and Jure Leskovec. Node2vec: Scalable feature learning for

networks. In Proceedings of the 22Nd ACM SIGKDD International Conference

on Knowledge Discovery and Data Mining, KDD ’16, pages 855–864, New York,

NY, USA, 2016. ACM.

[126] Seyed Mehran Kazemi and David Poole. Simple embedding for link prediction

in knowledge graphs. In Advances in Neural Information Processing Systems

31: Annual Conference on Neural Information Processing Systems 2018, NeurIPS
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[275] L. Šubelj and M. Bajec. Ubiquitousness of link-density and link-pattern

communities in real-world networks. The European Physical Journal B, 85(1):32,

Jan 2012.

[276] Thomas Schank and Dorothea Wagner. Approximating clustering coefficient and

transitivity. J. Graph Algorithms Appl., 9:265–275, 2005.
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